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Prediction of Line Loss Rate of Low-voltage Transformer Area Based on
Generative Adversarial Networks and BP Neural Network
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Abstract: The line loss energy consumption comes from power generation, transmission, distribution and
power consumption, and the percentage of the line loss power in the power supply is called the line loss rate.
Aiming at the problem of line loss rate prediction, this paper proposes a low-voltage transformer area line loss
prediction model based on the generative adversarial networks and BP neural network. The line loss data of a
low-voltage transformer area in a city is selected as the experimental data sets. After data pre-processing, sim-
ilar low-voltage transformer areas are classified by K—Means++ algorithm, and different types of low-voltage
transformer areas are trained to increase different types of data by different generative adversarial networks,
Finally, different types of sample data are used to train BP neural network and construct a low-voltage trans-
former area line loss prediction model. The experimental results show that the prediction model proposed in
this paper is more accurate than the traditional BP neural network model, and it shows that increasing the
sample data by generative adversarial networks can effectively improve the problem of small line loss data
quantity in the low-voltage transformer area.
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